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ACO: Ant Colony Optimization
ADP: Approximate Dynamic Programming

ADRC: Active Disturbance Rejection Control
ANFIS: Adaptive Neuro-Fuzzy Inference System

BELBIC: Brain Emotional Learning Based Intelligent Controller
DeePC: Data-Enabled Predictive Control
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ILC: Iterative Learning Control
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NN: Neural Network
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ata-

3EIIIIII

Mahdi Shahrajabian ©

Sep 2024

I:I Classical
I:I Optimal
- Intelligent

- Robust

I:I Adaptive
- Data-Driven


https://books.google.com/books/about/Modern_Control_Theory.html?id=OPFQAAAAMAAJ
https://books.google.com/books?id=fCh2SAtWIdwC&printsec=frontcover#v=onepage&q&f=false
https://folk.ntnu.no/skoge/book/ps/bookall.pdf
https://folk.ntnu.no/skoge/book/ps/bookall.pdf
https://thuvienso.tnut.edu.vn/bitstream/123456789/1094/1/PED%20304.3%20Katsuhiko%20Ogata%20_%20Modern%20Control%20Engineering%205th%20Edition.pdf
https://www.researchgate.net/profile/Muhammad_Ahsan23/post/What_is_the_general_principle_of_designing_the_switching_control_in_sliding_mode_control/attachment/59d62f0dc49f478072e9f5e3/AS%3A272534484783104%401441988692243/download/H-K-Khalil-Nonlinear-Systems-3rd-Edition-2002.pdf
https://www.researchgate.net/profile/Muhammad_Ahsan23/post/What_is_the_general_principle_of_designing_the_switching_control_in_sliding_mode_control/attachment/59d62f0dc49f478072e9f5e3/AS%3A272534484783104%401441988692243/download/H-K-Khalil-Nonlinear-Systems-3rd-Edition-2002.pdf
https://doi.org/10.1007/978-3-319-46024-6_3
https://doi.org/10.1016/0167-6911(92)90001-9
https://doi.org/10.1109/9.412643
https://doi.org/10.1002/0471669784
https://doi.org/10.1109/ACC.2016.7525440
https://doi.org/10.1109/MCS.2011.941837
https://books.google.com/books?id=fCh2SAtWIdwC&printsec=frontcover#v=onepage&q&f=false
https://doi.org/10.3182/20080706-5-KR-1001.00635
https://doi.org/10.1109/TCST.2010.2061232
https://www.wiley.com/en-au/An+Introduction+to+Data-Driven+Control+Systems-p-9781394196425
https://doi.org/10.1115/1.4019264
https://doi.org/10.1109/TSMCB.2008.926614
https://www.researchgate.net/profile/Meriam-Essaies/post/Which_criterion_do_we_choose_for_membership_functions_in_fuzzy_logic/attachment/59d64a6b79197b80779a4b35/AS%3A475218507505664%401490312329817/download/defuzzification+book.pdf
https://doi.org/10.1109/MCS.2012.2214134
https://doi.org/10.1109/72.655026
https://doi.org/10.1080/10798587.2004.10642862
https://stacks.stanford.edu/file/druid:gh880nv8408/gh880nv8408.pdf
https://doi.org/10.1109/MCS.2006.1636313
https://doi.org/10.1080/002071799220830
https://doi.org/10.1016/j.neucom.2024.127419
https://doi.org/10.48550/arXiv.1811.05890
https://doi.org/10.1007/978-3-662-08546-2_24
https://doi.org/10.1016/j.arcontrol.2022.04.006
https://link.springer.com/book/10.1007/978-0-85729-398-5
https://doi.org/10.1109/21.256541
https://doi.org/10.1109/TAC.2020.3000182
https://doi.org/10.1016/j.na.2009.02.132
https://doi.org/10.1109/5326.704563
https://doi.org/10.1146/annurev-control-090419-075625
https://doi.org/10.1109/TAC.2003.809820
https://doi.org/10.1080/00207179.2010.501385
https://doi.org/10.1016/S1474-6670(17)49015-X
https://www.researchgate.net/publication/251442573_Tuning_of_PID_Controller_Using_Particle_Swarm_Optimization_PSO
https://doi.org/10.1061/(ASCE)0733-9496(2008)134:4(337)
https://doi.org/10.1007/978-3-540-77807-3_2
https://doi.org/10.1016/j.isatra.2010.12.007
https://doi.org/10.1109/TIE.2008.2011621

